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~ Comments on doing a better report:

1. Cannot find conclusions or figures with solid evidence and reference;
2. Many parts can go with tables or graphs to be more understandable;

Comments on content:

1. Who would be the audience for this report? What would be your point for them? If | were the target
audience, | would want something that cannot be found through Google search and represents your
thinking results.
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Strengthening cybersecurity

Improving data analytics for real-time business intelligence
-
and customer insight {
(
Cost reduction
Improving our customer experience (CX)
Improving internal collaboration capabilities
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Look & Feel —> MR, ERIL. consistency. 5 K.

Interaction — FEEHRESH. REGR. TS5LEAR...
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computing time
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[Large Corps] Disney,
Discover, Salesforce,
Nike

F4T “TEE” B
=, ®iDaas;
Managing Data, Not
Infrastructure; "near-
zero management";
Forrester reveals a
customer ROI of
612%

MR —uhTUH R, B
BlanVWANEEBERIRE S
eEFERKAFP NG
EXfQuery X4+ EIE

Queries need to be FERZEHCHIGHM
optimized to avoid AR, FEETF/M
high costs when BER

pulling data; FMEBIEEN
BIREARE R E

$$S charge by storage

SandboxB&Googlelk
FBIA] 3z BMAS

[Large Corps] UPS,
Twitter, HomeDepot,
DowJohns

XKRAFE=ADIER
f&kiE: Forrester
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Cloud iR A #4E
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Strong
Challengers Contenders Performers Leaders

Stronger
current
offering

A

Hewlett Packard Enterprise (©

Micro Focus (+)

© MemSQL

© Pivotal Software

Weaker
current
offering

Weaker strategy P Stronger strategy

Market presence
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ZEHXANAXEEFN? IMESTERMERARER? BSE— I IUEEAKNdemo?
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1) BEiESEMEMTEEXE, HlaNi¥E “Google BigQuery VS AWS Snowflake” FARIIASEIILALEY
RO, FEXRNENEBEMTR. A HENEEREAN, B4R LTSI ZaE~mx
EEN—LEERNERMY

SnowflakeXtEbRedShift B EiFaISemi-Structured datasz#¥, LbIIBEFEIFHIISON basedIhBEL
query; SnowflakeRJABFEY &, MRedShiftEEE/LAFHHBTEIEINTET =, SnowflakeBEE %
NEMUEIFMAZTEAANTAN; SnowflakeWitBESFHENE, X—m5RedshiftilGoogle Query



#HA—1, HEEA R LESnowflakeXXAtime-based pricing model for compute resources.
Snowflake A FEIR R 723 7N T EMEFE T 48,

RedShiftiR BT SAWSEMIRE B A IS, SHHESIREHESEMHITEN, Redshiftifi
FRN—EREESNEAEE, BRELNES NN TEEEEstaginglFiEatt,

Google BigQuery3gifiServerlessE5tE BHafftizHlscaling, Google BigQuery R~ EAWS Redshiftd
2%, SnowflakeBVW, MEBXLLEARAETERLR T HIRIZEQuUerySERMNERERITE:, ELEE
E5/NBRFER.

AWS Redshift Azure SQL DW Snowflake Google BigQuery
ity Anshs ey ol vt Aeys ===
I?@ - = =] R A (=) (=) [=)
B el . o MAREE T
l I l l 1 § © Google Bigquery

l Leader Node : Control Node
* Compute
*  Compute
— - soe Ef
[y
I I Compute Nodes ! é & g Compute Nodes
+  Compute
Storage

Compute
b ot
1
*  Compute :
s + Compute
i« =2
1 P .
. i N P il
s3storage | g Aws cinesis ! & e storage Azure Databricks & Cioud storage
(ETL/Streami ng)

—
> (Streaming) HE— = (AWS/Aure)

Source: Enterprise Strategy Group

2) fEMTrustRadiusfG2F IR TN NILEE B X~ AV ERRZMITIE, XEMILEEE
=LA “like” M “dislike” WIE7D, RBEMBIEAFREXETREMEMSGEENE
By, WPt BRERSHEN, EXBERIER TRZEAIURBERMTFEIROER A NHITIINE
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=Ho

Snowflake's user quotes:
Google BigQuery's user quotes:

RedShift's user quotes:

- Great Ul, the initial costs were very low, and it was super easy for us to spin up databases.
Also, setting up multiple instances were easily managed with just a click of a button.



- Their auto-scaling feature came to our rescue when it came to cost management.

- Tunable table design. (FFIAZ)

- Integrates quite well with other products within the AWS ecosystem.

- Performance tuning and database optimization can be done using the system tables and
advisors. These solutions are similar to the solution available for Oracle SQL Server. It makes
it easy to do the optimization for queries and databases.

- Large dataset and running fast

- Implementation in non AWS server

- It could not separate users from using the same infrastructure.

- No real separation between computing and storage

- Aleader node can become a bottleneck for too many concurrent aggregate queries.

- All users share the same infrastructure resulting in frequent 100% utilization error messages.

- The number of connections is too small, | think at around 50 are allowed in parallel. With
some ETL and apps connecting all the time, this brings an undesired possibility to some
users or tools being unable to connect.

- No statistical inbuilt functions are available within the tool.

- The concurrency and scale up based on it could be improved. It would be good if it scale-up
and scale-down the memory/CPU capacity automatically based on workload.

- Time consuming process for schema design and modification

- It does not support row-level controls.

- There is no support for data de-duplication; meaning this has to be either accounted for
upstream, or you'll have to build your own services to de-dupe your data.

- Permissions can be a pain... In some instances it's easier to drop/rebuild a table than try to
navigate incremental updates/insertions, but retaining user-permissions is a pain-point.

XEERIRZSHNETZ: REZXFT B, EflE. SEHMMEES. AEOHQuery. 1HEEFME
nE. o LiRSBML. BeLESE. REZANREREMNRERE

LRIBOHE]



Snowflake empathy map

db
X snowflake

Cost effective

Very little setup and configuration

Scale automatically Scale very fast & easily

C Separate from storage

Support unstructured data Very granular security

Better technical support
Worksheet can not export q]

Multiple Queries & analyze results in the same window

Make it easier to swith data warehouse

SQL editor should have auto—complete feature

Can not save query code
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Snowflake BigQuery AWS Redshift
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FidAE YRIREY ™ m HIERARERBTERRIL.
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Welcome to Snowflake

2900000

BEAMMER, WEKEMN
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HHEFAES R T AWS S3.
Google Cloud. Azure
Blob, AFEILIEEREIIE

SnowflakeTiEF AR HEHE
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Landing pageBHow it works
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3.3.5 EAThEEN R Bigit O

SRESNBEREXTREZFR  FEUERRR,

Y, BdhE. BEREITOX

THRERYIRTF,

S M EEEE, RRARS MR EENEIZITIZIIERIXARIERN.

Snowflake

¥iE  Snowflakei2ft T IUFhEkiE
S SABR:
1) REmSAwizard ({f
5%) ; 2) FASnowSQLTE
command line EERITEIE
2 N; 3) SnowPipefiES
ANIER; 4) E=ZAETLTA

BEIES N\
EXR  SnowflakelBEIREENE
EIE 71, BoABFENMistviewE

TEIREEMER, BEEER
TREXR. BIRERKE
RBZIN8E: BIEEmER.

Views. Schema. Stages...

BigQuery

BigQueryiid “E&R” B9
BRERITHIBRBSN, HigH
Auto-detectRViEI R 12
Schema, AP WAILF5)
HiAschema, X—IRER

BAEE IR TIE AT

BigQueryigH B{FRIEIE
BEEE, $IBRZERR
Project > Dataset > Table
HEHRALM, Datasets
are top-level containers
that are used to organize
and control access to
your tables and views,
you need to create at
least one dataset before
loading data into

BigQuery.

AWS Redshift

RedshiftBy iR S NIR(E
HTE T Query EditorE
H, AFREELM
Connect to databasefJig
E18

o
e o

FACOPY commandiB£kiz
MS3 loadZIRI A G AT
tabled

RedshiftiE SAn:g A
MHMEREE, BR|%E
Query AP EIZEFEI
R, R"EKBschemak
BHTALRN, FEIRESAN
ZaiE—1 “Connectto
Database” HYIZ{E, AJEE

AWSE E[ 1M databaseX
178

ByteHouse

ByteHousefH
ffatEData
ImportEJh{E
A— @
RET B TET0ER
SH, HiR
HEEHEIE
BAAHN, X
frscheduled
batch loading
0
streaming,
RMH—ENE

Pelk
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https://cloud.google.com/bigquery/docs/tables
https://cloud.google.com/bigquery/docs/views
https://cloud.google.com/bigquery/loading-data-into-bigquery

Snowflake BWorksheetry
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fERNBE—IIm,

BigQueryRIR PRIZHIZ K
7EDatasetXNEHE

B9, “Share Dataset” #T
FHEEER, 25IEH
permissionflauthorized
views,

BigQuery R EBHIECEE

BigQueryifiSaved
Query. Query History.
Job Historyl#itE— 1B R
B, HoHHpersonalfl
projectRyHsLIERA D
tabs

THEHtabs 5ZEQuery
History. Query

Results. Table Details,
fEQuery ResultsEEH
Execution. Data.
Visualize=Mtaba 3l AR
WA URERquery4E
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£, AT RAEE

RedShifttes8#Cluster®
E & Query Monitoring,
TEE—IMERHEN
M DHEES . XRXE
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https://aws.amazon.com/cn/blogs/big-data/monitor-and-optimize-queries-on-the-new-amazon-redshift-console/
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mazon-redshift-console/
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UENDITHAREEZARRNTARERES, KERNFENERINERERSHITEHITIERN
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AARINEXESREMAZSEY, FIUBEXINFAE “EROFEMLIIEE , MR “SRAHL
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EERITIEE, MLRERTRERAEESESE, RYUFTENGTRE, EEENSEERS R
(EFREFRLIEE NEE, XBEHN “BFXRE FEEMEPKIBERAERAIEN,

BlaNst FEIRCES M, RZRPRE THRIEMRSnowflake Vit ESEEOIBENZEMAR, UkS
TR ENNREIRRES; WA BEFIREI T RedShiftdiZAIQuery T INAE; WHEAXLEINRETE IR CE
N mEAERTRIEE XBHNIIEE. —LATIIIEEILITHIMSnowflakeMIstage BIRH & B LIER
KHERHRIER T —EMconfusion, Xt 1o LUELAIEIT =,

TEAET —EHe~mERmEE:

1) Sizing & Costing Reference

Snowflakelt FHF@iZconfigure WarehouseRI A HEX TR R BEMMRAERAZTEE, EXATT-
shirt sizelHEFH, EEREFELEVIFEZREEDXEEBHRESIFAFREMsizeRTHARRL
RIS EATE, MEASTIFAFPNTZANESENZKAZ KN warehouse, 1E/AF XA
BXLAYMS LA AR N BV AR S5 B8 SN E AT RE B A 05RY, WRBEBLRAF — M FRESZ I LUFBBRE
RIGEHRE, RFASnowflakeit BZ Lg% L, BEMAFHNOE EERREFTAR—LL,


https://aws.amazon.com/cn/blogs/big-data/monitor-and-optimize-queries-on-the-new-amazon-redshift-console/

o 10 minutes Yes 10/19/2020, 12:53:0. 11/3/2020,
Warehouse Size
a 20 minutes Yes 1012812000 11215 11:42:12 AN
Create Warehouse X-Small
Name* |
Small
Size |X-Large (16 credits / hour) ‘ v
Learn more about virtual warehouse sizes here Medium
Auto Suspend |10 minutes [v Large
“The maximum idle time before the warehouse will be automatically suspended.
Auto Resume 2 X-Large
Commen t | 2X-Large
3X-Large
4X-Large

AWS RedshiftF 7 —4EEH B X1+ 8 /fFI0 R R#EHT
FrATEVUI LS — BB TiR

Servers / Cluster

1 1
2 2

4 4

8 8
16 16
32 32
64 64
128 128

=AF EI’Jé'Tc’E'!EZo

Credits / Hour

0.0003

0.0006
0.0011
0.0022
0.0044
0.0089
0.0178
0.0356

—ERERNER, ER

B p AT LB R A T R/ A S AR BB E,

Services v

Resource Groups v

§ EC2 $ vec Amazon Redshift IAM *

Node type
Chovse tde et
] Dpc2
A A
[y High performance alala® managed storage High performance with fixed local SSD storage
. ° ° a3.4xlar gE $3.26/node/hour dc2.large $0.25/node/hour
ge $0.024/GB/month Storage: 160 GB,
up to 64 TB \\\\\\\
a de28xlarge $4.80/node/hour
ra3.16xlar g $13.04/node/hour | Stor rage: 2.6 TB/nade
- $0024/GB/month
up to 64 TB/n
. « | dc2large
r ra3.axarge =1n ge
8 i 2CPU (gen 2)
- g T 12 vCPU (gen 3)
[oeea] e

» Show legacy dense

storage node types

2) Data Warehouse Details & Monitoring

Snowflake BV BIFIETTEIEEE R, BRT monitoringB xR, EAgHEHEMEMER. HE

Credits / Second

Notes

Default size for warehouses created using CREATE

WAREHOUSE.

Default for warehouses created in the web interface.

Configure Virtual Warehouse

Size

Auto Suspend @

Description
(Optional)

Testing_ W warehouse Size

Medium ($

Size Chart
10 minutes

Auto Ret

Servers/Cluster
X-Small

Small

Medium

Large

X-Large

XX-Large

XXX-Large

XEEESHERN,

Processing time/GB
30 minutes

15 minutes

7.5 minutes

3 minutes 15 seconds
1 minutes 45 seconds
58 seconds

29 seconds

ERETEIBIhUbET LU P B % 5 B SIRETES ZEMXEE, FIS07EAWS Redshifty

ClusterBEMAE X FQueryRiruntimeTE £ 2 A ZTRHY

s A RS EIE I A i

SLEIECE
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Warehouses > COMPUTE_WH

Warehouse Load Over Time 7

0.0018 4
0.0016 4
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0.0004 4

0.0002

Last refreshed 4:26:54PM | C, \

0.0000

00015
000104 '
0.0005 u
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1]

Query runtime allocation in a Redshift Cluster:

Database performance Waerkload concsrenty

Query runtime

The Query activity 60 2 timeling. Use this graph 10 see which queries are runaing in the same timeframe. Choose 3 query Lo view more query exedution details

XEERINEER] LILA A P R EMAIA R B | HaiWarehouset 5 BAYIE R, —
warehouse I K/NEETE
— S IAE R E Mg 6.

Query list Cluster metrics
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@72 ByteHouSe Databases Data Import Queries Virtual Warehouses €S3 8 FAE

Virtual Warehouses > Testing_VW € Back to Warehouses

Details ¢ Configure 08
Name Testing_VW
Status @ sterted 0.66
Size Medium ($4/hour) 3 2020-07-29 1:45-11:50
K] :
Owner TR ) 0.5 Running 0.41
=3
H
Auto Suspend 10 munites 2
g i)
Auto Resume Yes g 036
5
Created On 2020-11-20 23:01 s
0.17
Running (3)  Queued (0) History | | I I I
Query ID u Start Ti Durati 0 ! I I
ery ser art time uration Nov20  6:00 12:00 18:00 Nov21 6:00 12:00 18:00 Nov 22 6:00 12:00
0009991... EAE 2020-11-2013:45  12m Date & Time
0082112... =] 2020-11-20 13:45 90s
09
0901236... EAE 2020-11-20 13:45 15m 06
03
0
Nov 15 Nov 16 Nov 17 Nov 18 Nov 19 Nov 20 Nov 21 Nov 22 Nov 23 Nov 24 Nov 26

3) Quick data visualization

AERZmETENNN~RESATE, NFHIETNUNENBMER. SnowflakeHZBEEEINLE
R B EASIETALeITIEE, ERARSHEEREREFRPHITAINN; Google BigQueryr]
MIBEIERARNENBITE#I TR, Amazon RedshiftMEE L RBRME T —ME LA
AR,

&} ByteHouse BEREE HIBSN BiEE EUEE 3 A TAHE
T HIEE O FHIFHE 2 HIEE 3 + v D 2PEIHE
F 2 PUBLIC  [E © My_Virtual_Warehouse (XS) E My_Database [E Save

ttpush.ttpush_failed_log_daily

rid 1176

anc

100 FORMAT JSON
[ Iecss=y )l v Al Queries g3 Rt & B’ < EE B =5
ZEahsd EWER AMASH  HBITAT )
| @ 11-2112:56:32 23ms Chart Type 500
@ 1-211:52:13  27ms Bar Date: 2016-07-29
@ 1-21 115155  27ms 600 Amount: 498
X axis 5
© 1-2110:43:40 53ms 2
Date 2
€ 400 W
5
o
Y axis E
Amount 200
-+ Add Another
0
2016-06-04 2016-06-28 2016-07-21 2016-07-28 2016-08-12 2016-08-25
Date

B 5T ByteHouse BIIRIT M= RE (T, BAIXEENERIEBERNTRLIEE. FHT
MERPHARESEE: NRESHERXERTAMLERT UARFHRIANME? NEM
EITEIE R iR, REEBENNMAA? fIlEtinsights TR REL S UBI TAMIEEE
B3



3.4.218HEEMNEE (How? )
Bt EEMELEEEZhow it worksBIalER, Bi1HEEREREERENF /LD ERINAENIGITAR

ER R, MNEmARRIBRHEIRITITHNBETHRERROMAEIZT AR RR, BRERIZITH
FoEUMAPSRREEN,. RENSICAURRER—MEITAN, HERERNRIT AN LR

HEFRHS R, X5 T EENIEER, RITEEE “BIIEZFEIE" NaRTRZE XL
YAt REESF A AP ER” BRI,

TEAET —EHEerRRITEENRmEE:

1) Permission: role-based access managment
ESnowflakeNRZmA & IMIRZ A XN ERINREEIgEIRH TR&ENIT, LHES T ERN
REENFHIEMSRAMNL. XE—THENSTHTREENZ@AR, NREEEZENCTmEES
HIhge, BIENZITERAZE LDRE T AP ERMRMEZAAFLR,

=] s % E > Q 5 3 e ~ ? A FRANKHE .
5 q P ACCOUNTADMIN
Databases Shares Data Marketplace Warehouses Worksheets History Accoun it Preview App Partner Connect t Help Notifications

Databases > PLAYGROUND

Last refreshed 5:21:47 PM | ¢

Tables Views Schemas Stages File Formats Sequences Pipes

@ Create... Create Like... r. Clone... m Load Data... L_>‘< Drop... @ Transfer Ownership NEW_TABLE
Table Name Schema Creation Time ¥ Owner Rows Size Comment it @ Grant Privileges
100K _records PUBLIC 11/3/2020, 3:18:55 ...  SYSADMIN

NEW_TABLE PUBLIC 10/28/2020, 6:05:5...  SYSADMIN [ e

Privileges granted by role SYSADMIN

:DELETE and .. PRIVILEG-F:_CLAUSE_GRANTEE_NAME ‘Edit:
N e EERF TR EE AR —

B EByteHouseMigit B TIRBEX — X EIRiT, FEXMER) HHII—MRR AT BRI
BIB9S

2) BUEMESIEX-ER-HFIERZENAmMEEXR

Google BigQuery> kB T ®EmE&IT, JIEFMERAFPRIESEEIRNFAEARNLE; TEXERMNY
BEIREG, MIEXETRIFE. TR, HEUKTHER,. THHFEESE, BTBigQuery:
Google Cloud FEMNF™=fm, AJREEREANEFEILAFRREX N =mRER M UEAXMIZIT.



= Google Cloud Platform  $e My First Project v Q  Search products and resources

Set up billing to upgrade to the full BigQuery experience. Learn more ISV UPGRADE
@ Bnguery (@ FEATURES & INFO E3 SHORTCUT

Query history Query editor + COMPOSE NEW QUERY () HIDE EDITOR ¢ 3 FULL SCREEN

Saved queries | SELECT t0.Date, t0.Withdrawls FROM "intrepid-kiln-294408._2ab867ca7d80fde3c89b528482151d6a92eedc31.anon704c8e55756c2b923cb818769aclaeb010afc2b9™ AS 0 LIMIT 100;

Job history

Transfers

Scheduled queries

Reservations

BI Engine

Resources -+ ADDDATA w Processing location: US

Search for your tables and datasets m & Savequery i saveview (O Schedulequery v | %% More v o
»  intrepid-kiln-294408  § Query history C' REFRESH
Today

3:27PM @ SELECT t0.Date, t0.Withdrawls FROM “intrepid-kiln-294408._2ab867ca7d80fde3c89b528482151d6a92eedc31.anon704c8e55756c2b923cb818769acaeb010afc2b9” AS t0 LIMIT 100; [}
2:30 PM @ SELECT * FROM ‘intrepid-kiln-294408.My_Demo.100K_Records” WHERE DATE(_PARTITIONTIME) = "2020-11-24" LIMIT 1000 ;]
2:30 PM © SELECT FROM “intrepid-kiln-294408.My_Demo.100K_Records’ WHERE DATE(_PARTITIONTIME) = "2020-11-24" LIMIT 1000 (3]

SnowflakeERE LBB—TqueryITERIEA—DEEREIN, SIETRIMATTE, XEFEMBITRS
EEETERREENEN TAEETURREINERNALIZRIFMAE MR RINDIE),
BREEZEEMW: PMAFRTITIERERRES, AERAFSIEIT—RSQLIE=%E—record,
X£recordsa] ALEAdmin P @ T M Query performancefiR B —Efz R4 a] @,

5 e /o4 il > Q S o~ ? FRANKHE
E Databases  Shares  Data History Preview App  Partner Connect  Help SYSADMIN
History > 11/22/2020, 11:32:39 AM for 1.7s Last refreshed 3:33:41PM [ Auto refresh ‘?‘
Details Profile
SQL Text
Status  Success select C2 from "PLAYGROUND"."PUBLIC"."NEW_TABLE"

User  FRANKHE
Warehouse  TEST_WH
Start Time  11/22/2020, 11:32:39 AM
End Time  11/22/2020, 11:32:41 AM
Total Duration 1.7
Scanned Bytes KB
Rows 4
Query D 01986e54-00b7-d1e7-0000-46990002d032 seiectsal (i)
Session D 8312050215732 Query Result

The results for this query have expired.

B Rz RIEN—MRIRSE, B RRNFIRTAIEBT; BRAATLREEFFA—SQL
BREMEITHEWOrksheet FSEILE R,

3) 7E{ESQL textBIThAE

Snowflake¥tFSQL codeR A 7 BikMJauto-save, XEFHAF REiiworksheetit@— 1N LIEME,
A — e EhE LM REE T FwiESRE, ERURBEFHE I BHFHISQLABERNIT, XEE
XM LM — RN EESHIMEE S —Mworksheet B# 17418, F— M ISEFEER—
EARE, ARAEEZANER, XMERtREERERFFoig(E.



) B Queryeditor
@ O All Queries | Saved 1 minute ago Quel’y edltOI’
Queryl X Query2 X Querys X | +

1 lect CD_CREDIT_RATING from TPCDS_SF100TCL. SELECT t0.Date, t0.Withdrawls FROM “intrepid-kiln-294408._2abB67ca7dB0fdeldc
2 where CD_GENDER = 'F'

Processing location: US e L

& Save query (© Schedule query ~ o More ~ ‘ ® cancel || save

B BWorksheetfrn—TEE, {BRABpersistingR?F (auto-save) SQLARHIEES (to3k
2R F%AworksheetiyiE EEMSQLA—EAMRIL); BIMBE—MRIFREBRIEE, (LA 8
RS A 2 BRI AT,

343 KEAEMNESE (Why? )

FNNEETFT LU LERWhat (RamBWPLEERRINEE) MHow (XEINEREHFIRITE) KELENT At
MNEXLINEEH BRBXMAIURIZITXEINRE, RIEHNEER AT IEIREMISITRIRE EiRH
ERRIRVIRLE,

= R 1%t R SREGREHT BRETEIFRA )™= B E X

Snowflake FHZEStageIEZ  SnowflakeZ— MR ABRGHRE  HKIELREMEEMEREMAIR
HSaaSF=dm, RERAMTZERRE @EEE, EZNRERETREM
HNEFRPBENREY, KENRIT FEAREBEM.
RHEUIL, PRUBEFZNEEMITE
StageMIBI S EBREUI LB FRFE
UIFDIDEIF IR FHIRETRUE R 1%,

Google B—TmEI%It, & BigQueryEFGoogle Cloud FEMF o o o

BigQuery ERABTHNE RS M@, FIULEREWRHITEEWIL,;
KNRTHEAR— BEAAMSEHEISAISnowflakeX
NIIEZIE FERTEEE ™ Mo

Google REEFTH— I EEG—IRBHITIA, AREMHN

BigQuery YRIEAE BIBITER; BTEENmERt, AR

MIBTTERATUBEEITASQLRIER
A, FIUMEIIERENRE
worksheett S ERBITHZ
tab, HEXAR ER—#H,

Redshift o (o] (o] (o] (o] (e}



BT LERINEE1KTT RRVREBE 2T, FIELB BB MmIAK B LUIZIRSWOTRI R IREE IR T A1)
FEmAVERIN. 558, MSMEM. BRIZEHENIATN RINEERIE L RKo

Strength: IZf1EMLEM A AT UMRFLERAELE?

Weakness: EMLEMARRITEEFANERDN? (XEHENZEREH)

Opportunities: FHiRTFBNRRE T AKGHER/KIIAILILLRITAI? T LREEXEWIEAL
Gap? I+ FAT LB AKRMEIRER R RME?

Threats: /=M &M RHERRMLHRkEE? (XEINA)



